
473

14

Experienced-Based Measures
of Heterogeneity in the Welfare Caseload

Robert A. Moffitt

It has long been understood by welfare researchers that the welfare caseload
is quite diverse. Many studies of the now-defunct Aid to Families with Depen-
dent Children (AFDC) program demonstrated that some women on the welfare
rolls were much worse off than women not on the rolls in terms of family back-
ground, educational attainment, labor market experience and skill, health prob-
lems, and many other indicators, and that different women might need different
types of special assistance. This heterogeneity has assumed even greater impor-
tance in the welfare reform environment of the 1990s. The new reforms are,
generally speaking, aimed at raising employment levels and promoting work,
particularly off the welfare rolls. It is naturally to be expected that women with
greater capabilities to respond to these policies will fare better than women with
lesser capabilities.1 In addition, from the program operator’s viewpoint, hetero-
geneity is important because it implies that policies might be differentially tar-
geted, or tailored, to different types of welfare recipients who have different
needs and capabilities.

The author would like to thank Irwin Garfinkel, Karl Scholz, and the other members of the Panel
for comments, and Eva Sierminska for research assistance.

1Whether this will turn out to be the case is an empirical matter. The evidence to date is not so
clear that women with greater labor market skill have necessarily left the rolls. See Cancian et al.
(2000), Danziger (2000), Loprest and Zedlewski (1999), Moffitt and Stevens (2001), Oellerich
(2001), and Zedlewski and Alderson (2001).
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Heterogeneity is also important in current discussions of so-called welfare
leavers—women who have left the welfare rolls subsequent to welfare reform.
The employment and other outcomes of welfare leavers are likely to differ ac-
cording to their labor market skill and background. Women with greater labor
market skills may be expected to fare better off the rolls than women with weaker
labor market skills, for example. The existing studies on welfare leavers typically
report only average outcomes for all leavers and hence do not attempt to detect
differences arising from heterogeneity, but such heterogeneity is certain to be
present.2 Heterogeneity among leavers is also important because it may lead to
differences in average outcomes of leavers across states, for different states have
different mixes of recipient types. Hence surveys of how leaver outcomes vary in
different states may be reporting differences that arise from differences in the
types of women on the rolls in different states rather than the effects of different
state welfare policies. The types of women who are on welfare also vary over
time as the caseload shrinks and expands, as well for cyclical reasons, and this
will cause the average outcomes of leavers to vary over time as well, depending
on what types of women exit the rolls at different points in the cycle. Thus, for
example, leaver outcomes before and after 1996 may differ because of the busi-
ness cycle rather than because of welfare reform.3

Heterogeneity in the caseload can be characterized in many ways. A straight-
forward approach is simply to examine the distributions of characteristics thought
to be related to labor market skill, income-generating potential, and general cop-
ing capabilities. Examining the distribution of recipients by education, work
experience, health status, drug use and illegal activity, and similar variables, are
typical for such an exercise. Many studies have examined these differentials.
Another approach is simply to examine the labor market outcomes of those who
have left the rolls, but this is not appropriate if the object of the analysis is to
develop measures of heterogeneity that might be correlated with, or possibly
determine or predict, those labor market outcomes.

The approach taken in this chapter instead examines heterogeneity as mea-
sured by the recipient’s own welfare experience (hence “experienced-based”
measures of heterogeneity). The most important aspect of that experience is the
amount of time the recipient has received welfare benefits, which is also a mea-
sure of the individual’s degree of welfare “dependence.” The most common
measure of this type is the “total-time-on” measure, which denotes the total
amount of time within a fixed calendar time interval that the individual has

2See Brauner and Loprest (1999) and Acs and Loprest (2001) for reviews. For studies that exam-
ined heterogeneity among leavers, see Cancian et al. (1999), Moffitt and Roff (2000), and Ver Ploeg
(this volume).

3See Moffitt and Stevens (2001) for a study of how the types of women on welfare have varied
over the business cycle in the past, and whether the change in the types of women on welfare after
1996 was different than what would have been expected from the effects of the economy alone.
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received welfare. Such total-time-on measures are, arguably, the best single mea-
sure of welfare dependence and have been assessed many times.4

However, the concept of total-time-on does not distinguish between short
spells and long spells, or between larger and smaller numbers of spells within a
given total. Most analyses of the dynamics of welfare participation treat the
length of spells as the most important building block for an understanding of
welfare participation, and treat the exit rate from a spell—which is an indirect
indication of its length—as a key variable to be affected by welfare reform. The
issue that this view raises is whether it is important or useful to know how a given
total-time-on divides up into a number of spells and lengths of those spells. It
might be hypothesized, for example, that women with long spells might be more
disadvantaged than women with short spells, even though the latter has a higher
rate of movement on and off the rolls and hence ends up with the same total
length of time on welfare.

A related concept introduced by Ellwood and Bane (1994:40-41) consists of
a three-fold classification of welfare recipients, dividing them into long-termers,
short-termers, and cyclers. The first group is composed of recipients with long
spells of receipt and hence heavy dependence on welfare; the second group is
composed of recipients who have short spells and are on welfare infrequently,
leading to relatively mild dependence; and the third group consists of women
who frequently move on and off the rolls and may, in the end, accumulate enough
total time on welfare that they should be classified as welfare dependent even
though their spells are fairly short on average.5 This view, again, suggests that the
types of women who have high turnover and short spells are different than those
who have low turnover and long spells, even though they might have the same
total-time-on.

The reason that one might expect differences among recipients with different
turnover rates will be discussed in the text of this paper. Perhaps the simplest
economic model is one that presumes that the rate of going off the rolls is
positively related to the level of an individual’s labor market skill and experience.
In this view, long-termers have the weakest labor market skills, short-termers
have the strongest, and cyclers are somewhere in between, with stronger labor
market skills than long-termers but not strong enough to stay off the rolls for long
periods.

This chapter examines data on women on the welfare rolls and tests whether
their labor market skills differ in these ways. Tests for whether total-time-on is

4See, for example, Ellwood (1986), Ellwood and Bane (1994), and Gottschalk and Moffitt (1994a).
The U.S. Department of Health and Human Services (2000) uses a total-time-on definition of welfare
dependence as well.

5In some of their discussion, Ellwood and Bane (1994:40) suggest that cyclers are a subset of long-
termers rather than constituting a parallel category. This is a slightly different definition of what is
meant by a “long-termer,” as will be discussed in this chapter.
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correlated with labor market skill are conducted, as well as whether the number
of spells and their length is related to labor market skill on top of the total-time-
on. The characteristics of long-termers, short-termers, and cyclers are examined
to determine if their labor market skills are ordered in the ranking suggested by
the simple theory just described, or not. Data from the National Longitudinal
Survey over the 1979-96 period, covering monthly AFDC participation experi-
ences, are used for the analysis.

STATISTICAL MODEL, MODELS OF TURNOVER, AND
HETEROGENEITY DEFINITIONS

Statistical Model

The determinants of total-time-on, the number of spells, and the length of
spells—as well as whether a recipient should be considered to be a short-termer,
long-termer, or cycler—follows from the statistical features of her underlying
time profile of participation. That time profile is generated mathematically by a
discrete-time statistical process. The building blocks of any such process (in this
case, moving on and off welfare) are a pair of hazard rates p[i|t,X(i),Z(i,t),H(i,t)]
and q[i|t,X(i),Z(i,t),H(i,t)] for the probability that individual i moves onto the
rolls at time t conditional on being off at t-1 and the probability that individual i
moves off the rolls at time t conditional on being on at t-1, respectively. Here X(i)
denotes time-invariant characteristics (such as family background at age 16 and
race), Z(i,t) denotes the entire history of exogenous events that affect welfare
transitions (such as business cycle and illnesses), and H(i,t) denotes the in-
dividual’s entire history of welfare recipiency up through t-1. The variable t is
taken literally to denote age, with t=0 at some initial age like 16. The probability
functions p and q are taken over all unobservables in all time periods, consisting
of all random events and shocks in the period prior to t. Thus we conceptualize all
individuals as starting off at the same age, with certain fixed initial background
characteristics, and then proceeding period by period through their lifetimes,
moving on and off the rolls according to their individual-specific transition rates
p and q. This constitutes a complete model of the process.

We will be interested in this chapter not in these structural transition rates,
but rather in the distributions of welfare participation outcomes—that is, the
types of patterns of participation that occur—that result from them over a particu-
lar calendar interval. Nevertheless, that different women have different patterns
over such an interval necessarily arises from differences in the underlying haz-
ards, and those hazards are a function of the variables denoted. A mutually
exclusive categorization of all possible sources of heterogeneity in welfare pat-
terns across women is the following: (1) heterogeneity in background character-
istics, X(i); (2) heterogeneity in the vector of current and past time-varying exog-
enous events that differ across individuals, Z(i,t); and (3) heterogeneity in
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unobserved differences across individuals with the same X(i) and Z(i,t), both
those which arise from different time-invariant unobserved characteristics (unob-
served heterogeneity) as well as differences in current and past random shocks.6

Thus any measure y of welfare participation patterns over a given calendar period
from, say, t0 and t1–such as total time on welfare, number of spells, average spell
lengths—can be written as y(t0,t1)=f(X,Z,e), where X, Z, and e represent the three
components just listed, over the interval from t0 to t1.7 Given the function f, we
can ask what types of mean characteristics are observed for women who have a
particular welfare participation pattern y. Mathematically, we can write this as
E[X|y(t0,t1)], and analogously for Z.

We will focus our empirical study below on X rather than Z. That is, we will
examine the fixed, time-invariant characteristics (such as race, education, and
average earnings and wages) of women with different welfare participation pat-
terns. We will not examine time-varying characteristics, despite the fact that they
presumably are important in explaining period-specific reasons for transitioning
on and off the welfare rolls.

Models of Turnover

Given our interest in understanding why women with different labor market
potential come to have different participation profiles, it is helpful to consider
some alternative, stylized models of welfare turnover to fix ideas and establish
intuition. One simple economic model presumes that the main reason for move-
ment on and off welfare is fluctuation in job opportunities, as proxied by the level
of earnings one can obtain off welfare. Because different women have different
levels of labor market skill, they will have different quasi-permanent, mean earn-
ings levels. Hence the existence of earnings fluctuations around each individual
mean will lead to more movements on and off the rolls for those with mean
earnings close to the cutoff point for leaving or entering the rolls than for those
with mean earnings farther away from that cutoff, assuming that the variance of
the fluctuations is the same for all. This simple model would lead to the presump-
tion that short-termers have the highest labor market skill, with mean earnings
sufficiently high that only significant negative earnings declines result in partici-
pation; long-termers have the lowest labor market skill, with mean earnings
sufficiently low that only significantly positive earnings increases lead to an exit

6We do not list H(i,t) as a source of heterogeneity because, at any point in time, it arises com-
pletely from the other three exogenous factors we have listed. There will be no need to distinguish
between state dependence and heterogeneity here, given the goals of the analysis. Furthermore, we
ignore initial conditions problems because the data will allow us to observe all women reasonably
close to t=0, the start of the process.

7The initial conditions at t0 also must be included but, as noted previously, the data will start
reasonably close to t0=0, so no conditioning is necessary.
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from welfare; and cyclers have labor market skill in between, with mean earnings
closest to the margin so that many modest fluctuations in earnings lead to entry or
exit from the welfare rolls. This is the framework mentioned in the Introduction.8

A variant on this model, popular in some of the economics literature, holds
that more time on welfare reduces the mean level of skill because women histori-
cally have not worked while on welfare, for the most part, and their labor market
skills deteriorate.9 The key issue for present purposes is whether it is time spent in
the current spell, or in total over all past spells, that causes skills to deteriorate.
If only total-time-on causes such deterioration, we should find that labor market
skill—even though it is partly a result, not a cause, of welfare participation—
should be negatively related to an individual’s amount of total-time-on but not to
turnover or spell lengths, holding total-time-on fixed.

A different model is one in which different individuals experience different
degrees of fluctuation in earnings (i.e., different variances). In this case, it is
possible that individuals with the same quasi-permanent, mean earnings will have
different turnover rates, spell lengths, and total-time-on depending on the vari-
ance of their earnings. High-variance individuals will have the greatest turnover
rates, for example. In this extreme model, one may find no differences in labor
market skill among those with different amounts of turnover, unlike the first
model we described.

One may ask why different individuals would have different variances of
earnings. One possibility is that some individuals search harder for jobs because
they have a stronger desire to leave welfare, but because their permanent skill
levels are not very high, they can never succeed in achieving more than a tempo-
rary period of employment off the rolls. Another possibility is that some recipi-
ents have more turbulent personal lives (possibly including domestic violence or
substance abuse, for example), have worse physical or mental health conditions
that are episodic in their severity, or have other types of experiences that create
instability and hence an inability to sustain a fixed status either on or off welfare.

A third model is one in which individuals differ both in their mean earnings
and in their degrees of earnings instability, and the two are either positively or
negatively correlated. Although a positive correlation is possible, it seems equally

8Mathematically, let y(i,t) = m(i) + e(i,t), where y(i,t) is earnings for individual i at time t, m(i) is
permanent earnings, and e(i,t) is per-period transitory earnings. Assume that an individual goes off
welfare in any period t if y(i,t)>b, the welfare benefit. If e(i,t) has the same variance for all individu-
als but individuals differ in their level of m(i), then the rate of turnover of an individual will be
directly proportional to how close m(i) is to b. Both those with very low m(i) (relative to b) and those
with very high m(i) will have low turnover rates, while those with m(i) close to b will have high
turnover rates.

9Some argue that more time on welfare also increases the perception by employers that an indi-
vidual has low job skills.
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possible that they could be negatively correlated. That is, it is possible that those
with the lowest labor market skills have the greatest degrees of instability as
well.10 Perhaps those with the lowest labor market skills are from the most
disadvantaged family and neighborhood backgrounds where instability is high.
Indeed, high levels of instability could lead to lack of investment in education and
poor labor market experience and skills later. The implications of a negative
correlation for how labor market skill is related to turnover are unclear, for high
earnings instability should lead to high welfare turnover but low labor market
skill leads to the opposite. Therefore, it is ambiguous in this model whether those
with high welfare turnover will be revealed, on average, to have higher or lower
labor market skill than those with low turnover.

A fourth and final model is one in which noneconomic considerations play a
larger role in welfare turnover, unlike the models so far that tie welfare participa-
tion decisions closely to earnings levels. Noneconomic events like marriage,
divorce, childbearing, and changes in personal situation, all can affect welfare
turnover rates. Turnover also can be directly affected by welfare administration,
through a process known as “administrative churning,” which refers to frequent
starts and stops in benefit payments because of temporary denials of eligibility,
errors or delays in processing, or skipped payments for some other reason. What-
ever the noneconomic cause of welfare turnover, the issue at hand is how each
cause is related to labor market skill and mean earnings off welfare. This cannot
be predicted in general, and hence leads to another source of possible ambiguity.

Heterogeneity Measures and Definitions

We will be interested in three summary statistics that describe an individual’s
welfare participation experiences over a fixed calendar interval:

(1) The total number of periods the individual is on welfare in the interval
(T);

(2) The total number of welfare “spells” experienced by the individual within
the interval (N); and

(3) The average length of these “spells” (L).

The first of these is the total-time-on measure mentioned previously. The second
counts the number of separate welfare “spells” in the interval, where a welfare
“spell” is defined as a sequence of consecutive periods on welfare. This is a
measure of turnover, for it is closely related to the number of transitions on or off
welfare that are experienced in the calendar interval. It should be noted that, here,

10Gottschalk and Moffitt (1994b:Table 1), indeed, found that the individual-specific level of per-
manent earnings is negatively correlated with the variance of earnings around that level.
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a spell can be in progress at the beginning of the calendar interval or in progress
at the end and still be counted as a spell. The third measure is the average length
of these spells. Given these definitions, T=N*L. Consequently, any two of these
measures for any individual determines the third.11

In addition to measuring T, N, and L themselves, we also define three com-
binations of these variables that together define long-termers, short-termers, and
cyclers, the classification scheme proposed by Bane and Ellwood. The defini-
tions we use are:

Long-termers: N < a and L > b
Short-termers: N < a and L < b
Cyclers: N > a

where “a” and “b” are some constants to be selected after an initial examination
of the data, and which will be varied as part of a sensitivity analysis. Thus long-
termers are defined as having relatively few spells but spells with long average
lengths; short-termers are also defined as having relatively few spells but as
having short average lengths; and cyclers are defined simply as those with a
relatively high number of spells, regardless of their lengths (but, for a fixed
interval length [t0,t1], a high number of spells must necessarily ultimately lead to
shorter average lengths).

Note that these groups are defined solely on the basis of N and L, not T. The
total-time-on surely will be high for long-termers and surely will be low for
short-termers, given the definitions provided, but whether T will be high or low
(by some definition of those terms) for cyclers is ambiguous. There is no clear
definition of these groups in the literature, so it is unclear whether this approach
to the definition is the same or different as that used by others. Certainly some
appear to use the term “long-termer” to refer to women who have high T per se,
regardless of whether they have such a high T because of a small number of long
spells or a large number of short spells (thereby using the word “long” to refer to
the magnitude of total-time-on, not the length of spells).12 In part this is just a

11The inclusion of both left-censored and right-censored spells, and the counting of their lengths
as the lengths of a spell, is appropriate in the application here because such a spell concept is the
appropriate one for a decomposition of a total-time-on measure defined over a fixed calendar inter-
val. The only danger is that, because censored spells will be shorter than their completed counter-
parts, there will be an undercount of individuals with long completed spells. To the extent that the
labor market skill measures that will be the main focus of our analysis are more weakly correlated
with these censored spell lengths than their uncensored counterparts, our correlations of spell length
with skill will be weakened. However, as we shall describe, our calendar interval is 10 years long and
hence there are few censored spells relative to the total number of spells.

12As noted in the Introduction, Bane and Ellwood in some passages suggest that long-termers are
those with high total-time-on, for example.
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terminological matter, but defining “long-termer” in this way does have unsatis-
factory aspects. It leaves as undefined women who have large numbers of spells
but a modest level of T, for example, who do not fall into any category. More-
over, the literal interpretation of the verb “to cycle” implies a definition based
purely on turnover rates and numbers of spells, not a total-time-on definition;
hence it makes more sense in terms of language to let T be an outcome of a
turnover definition of cycling, not as a definitional characteristic. One could stick
with a T-defined classification scheme by parceling out cyclers to the long-termer
and short-termer groups by saying that there are two types of cyclers—those with
high T, whom we will call long-termers, and those with modest T, who will be
called short-termers. But in this case, the latter group is lumped in with the more
conventional short-termers with low turnover rates. The consequence would be
that one would move from a definitional scheme that allows cyclers to be a
heterogeneous group to one that allows long-termers and short-termers to each be
heterogeneous, which would not appear to be a gain in terms of clarity. Alterna-
tively, one could move to a classification scheme that has more than three groups,
but then simplicity begins to be lost.

For all these reasons, we will use the three-fold classification based solely on
N and L. However, we will examine the heterogeneity of the cycler group by
examining their distributions of T and compare the different subgroups of cyclers
so defined to short-termers and long-termers.

Past Work

There is surprisingly little evidence in the literature on the characteristics of
individuals with different turnover rates and overall spell patterns, or on how
groups of individuals defined by long-termer, short-termer, and cycler status
differ by characteristics. The vast majority of studies of welfare dynamics present
estimates of the determinants of exit from welfare spells or entry onto welfare or,
sometimes, of rates of reentry onto welfare after an exit. These econometric
models are not set up to distinguish the determinants of turnover per se from the
determinants of total-time-on because they impose a restrictive relationship be-
tween the effects of the independent variables on turnover rates, total-time-on,
and spell lengths. For example, it would not be possible in these models to find
that some variable for labor market potential (e.g., mean potential earnings off
welfare) could differ between short-termers and cyclers but not between cyclers
and long-termers, to take one case. To distinguish these, a more sophisticated
statistical specification would be required. Alternatively, and as a first step, it is
more natural to simply examine the characteristics of individual recipients as
ranked by their turnover rates, total-time-on, and spell lengths, or by their classi-
fication into short-termers, long-termers, or cyclers, as is done in this chapter.

A few recent studies have already attempted this, however. Stevens
(2000:Table 4), in a study using administrative data from Maryland, found earn-
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ings of AFDC long-termers and cyclers to be not very different for white women.
But cyclers had higher earnings than long-termers among the population of black
women. In a study using administrative data from Wisconsin, Ver Ploeg (this
volume: Table 13-5) examined employment rates of individuals on Temporary
Assistance for Needy Families (TANF) and found them to be higher for cyclers
than for long-termers. Cancian et al. (1999) also provided evidence on how leaver
outcomes in Wisconsin vary with the amount of previous time on welfare.13

DATA AND RESULTS ON SPELL DISTRIBUTIONS

The data set used for the exercise is the 1979 National Longitudinal Survey
of Youth, which is a nationally representative set of individuals who were 14 to
21 in 1979 and who were interviewed annually up to 1994 and biannually since
then. We utilize the survey through the 1996 interview, which gives us a maxi-
mum of 18 years of data.14 We select only women, given our interest in welfare
participation. We focus on a 10-year period of each woman’s life, from ages 20 to
29. We could examine the entire 18 years, but such a time period is so long that
women might not be easily characterized as long-termers, short-termers, or cy-
clers for the entire period; they easily could have been long-termers for the first
10 years and cyclers for the second 8 years, for example. The shorter, 10-year
time period is less likely to capture multiple stages in the life cycle where welfare
participation behavior is markedly different.15 The data give us monthly AFDC
participation information (only receipt of AFDC benefits is examined, not other
welfare programs), thereby providing us with 10*12=120 months of observations
with which to construct our measures of welfare experience. We have 2,763
women in our sample, 514 of whom experienced at least one month of AFDC
receipt from ages 20 to 29.16

13A difference in the Ver Ploeg and Cancian studies, on the one hand, and the Stevens study and
this study, on the other, is that the former were point-in-time samples composed of families on the
rolls at a point in time, whereas this study and that by Stevens contain all women ever on welfare in
a 10-year period. The former studies will omit short-term spells not in progress at the point in time at
which the sample is drawn.

14The interviews gathered information on AFDC recipiency for the year prior to interview in a list
format prior to 1993 and in an event-history format in 1993 and after, the latter format providing the
start and end dates of all spells since the last interview. The calendar period for which recipiency is
available is therefore January 1978 through the 1996 interview date. We use only 1978-95 calendar
years.

15Despite this, all tables in this chapter were also estimated over the entire 18 years of data. With
that longer period, there are a substantially greater number of cyclers than reported, and average spell
lengths of long-termers are shorter. However, none of the critical results on the differences in labor
market characteristics by T, N, L, and long-termer/short-termer/cycler status reported are different.

16We exclude women who have missing data for any of the 120 months (276 women are excluded
for this reason).
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Figure 14-1 shows the distribution of T in the sample for the 514 women
with at least one month of receipt. About 81 percent of the population had no
months of receipt—the exact numbers are given in Table 14-A1.17 The distribu-
tion of total months of receipt declines with the number of months on welfare, on
average, as is typical of these types of distributions. About one fifth (19 percent)
received AFDC for only 1 to 6 months in the 10-year period; but, on the other
hand, 9 percent received benefits for 8 or more years. The mean and median
number of months of benefit receipt are 39 and 28, respectively.

Figure 14-2 shows how these T distributions differ for those with different
numbers of spells over the period.18 Not surprisingly, the distributions are shifted
to the right for those with larger numbers of spells. The median T for those with
one, two, or three spells are 12, 47, and 47, respectively.

Figures 14-3 and 14-4 show the distributions of N and L, respectively.19 Of
those ever on AFDC over the 10 years, about 48 percent had only one spell of
receipt. The distribution rapidly declines and, in fact, there are relatively few
women who had large numbers of spells in these data: Slightly more than 8
percent had four or more spells and only 2 percent had five or more spells. A 10-
year period is a long time and offers the possibility of many more spells than this.
Thus, even at this relatively young age, the sample shows relatively little turn-
over.20

Figure 14-4 shows that most recipients have relatively short spells: One-
quarter had average spells on AFDC of shorter than 6 months, and 57 percent had
average spells of 18 months or shorter. However, this distribution has a long
right-hand tail, and a significant number of women have long average spell
lengths. Nearly another 20 percent of the sample, for example, had average spells
of 3 or more years in length (37 months and over). This skewness is reflected in
the marked difference in the mean and median spell length (24 versus 15). Table
14-A3 shows how these average spell lengths differ by the number of spells in the
period. Interestingly, those with larger numbers of spells tend to have larger
numbers of medium spell lengths, but smaller numbers of both long and short
spells. That those with many spells are less likely to have long spells is expected,
but that they also have fewer shorter spells (1-6 months) is not. This suggests that
those with greater number of spells—cyclers—may have greater welfare depen-
dency than what might have been thought otherwise, a suggestion that will come
up again in subsequent tables.

17The Appendix to this chapter is comprised of four tables with auxiliary data that will be referred
to throughout the chapter.

18Exact figures are given in Table 14-A1.
19Exact figures are given in Tables 14-A2 and 14-A3. As noted in the last section, left-censored

and right-censored spells are included as “spells” in these tabulations. However, only 3.4 percent of
the sample was on AFDC in the first month of age 20 and only 2.6 percent were on in the last month
of age 29.

20Administrative data may show more turnover because of administrative churning.
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Table 14-1 shows the characteristics of those women never on AFDC and
those ever on in the 10-year period. We focus, in this table and all subsequent
tables, on only a few fixed, unchanging background characteristics of individu-
als. These include education and race, but also employment status (whether
worked at all during a year), annual earnings, weekly wages, and hourly wage
rates, all measured only over periods off AFDC. The earnings and wages are
measured only over periods off AFDC because they are intended to represent
earning capability; including the AFDC periods would bias the measures in this
sense, for earnings and wages are always lower on welfare than off.21 In tradi-
tional economic analyses, an individual’s potential hourly wage and weekly wage
are usually considered to be the best indicators of labor market skill.  Table 14-1
shows, as expected, that those ever on welfare have lower levels of education, are
more likely black or Hispanic, and have lower mean earnings and wages than
those never on welfare. Mean earnings and wages are, in addition, extremely low

FIGURE 14-3 Distribution of number of spells (N).

21Because earnings and wages are measured only annually, the measures are all computed only
over those years when the woman was not on AFDC at all (because otherwise, some of the earnings
and wages might have been earned while on AFDC). For each woman, her mean employment
(whether worked at all in the year), annual earnings, weekly wages, and hourly earnings are com-
puted for each year she is off AFDC, then averaged to obtain a mean for her non-AFDC periods. The
figures in Table 14-1 represent the means of these figures, taken over all women in the sample.
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in absolute terms for those women who have been on welfare in other periods. On
the other hand, annual employment rates are moderately high (66 percent), on
average—women work about two-thirds of the time that they are off AFDC.

Table 14-2 shows how these characteristics vary with T, N, and L. The
variation in the characteristics with all three variables goes in the expected direc-
tion: Those with greater dependence, more spells, and longer average spell lengths
tend to have lower levels of education, are more likely black (but not Hispanic),
and have lower employment rates, earnings, and wages. A key additional ques-
tion is whether there is any variation in characteristics by N and L, holding T
fixed. We will consider this question using regression analysis.

LONG-TERMERS, SHORT-TERMERS, AND CYCLERS

Table 14-3 shows information from a classification of the population into the
three groups discussed earlier—long-termers, short-termers, and cyclers. In all
cases cyclers are defined as those with three or more spells. Any other cutoff
would include either a much larger fraction of the sample in the cycler category
or a much smaller fraction (see Figure 14-2 and Table 14-A2). Long-termers and
short-termers are those with one or two spells, and with average spell lengths of
half a year, a year, or a year and a half in length, depending on the definition.22

TABLE 14-1 Characteristics of Population, by Welfare Recipiency Status

Never On Ever On

Education
1979 10.7 9.7
1996 13.7 11.8

Race
Non-Hispanic white 0.85 0.59
Non-Hispanic black 0.09 0.30
Hispanic 0.06 0.11

Employment rate off AFDC 0.98 0.86
Average annual earnings off AFDC (including zeroes) $11,698 $5,179
Average annual earnings off AFDC (excluding zeroes) $11,940 $5,997
Average weekly earnings (excluding zeroes) $293 $193
Average hourly wage (workers only) $7.95 $5.50

NOTE: Monetary figures are in real 1992 dollars.

22Note that, in this classification, short-termers could have higher T than long-termers if a recipi-
ent in the former category has two spells and a recipient in the latter group has only one. This
illustrates, once again, that this typology is not perfectly correlated with T (nor should it be, by
concept, as discussed earlier). Nevertheless, despite this possibility, long-termers will be seen to have
much larger T than short-termers on average.
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TABLE 14-3 Long-termer, Short-termer, and Cycler Distributions by
Alternative Definitions (percent distribution)

Definition 1a Definition 2b Definition 3c

Long-termer 57.6 43.8 36.8
Short-termer 23.0 36.8 43.8
Cycler 19.5 19.5 19.5
Total 100.0 100.0 100.0

NOTE: Numbers are rounded off, therefore totals will not add up to 100.
aDefinition 1: a=2 spells, b=6 months.
bDefinition 2: a=2 spells, b=12 months.
cDefinition 3: a=2 spells, b=18 months.

These classifications result in approximately one-fifth of the ever-on popula-
tion assigned as cyclers, and more than one-third assigned to long-term status
(from one-third to as high as 57 percent). Short-termers end up with a representa-
tion slightly above or slightly below one-third. Thus the division is not quite
equal across the three groups, but deviates from an equal division only through a
somewhat greater-than-one-third long-termer group and smaller-than-one-third
cycler group. The percent of the population classified as long-termers may seem
high, even for the 1.5-year spell definition, where more than one-third of ever-on
recipients are so classified.23 However, it should be noted that there have been no
previous calculations of these distributions in the literature, and hence it is diffi-
cult to find comparisons in past work.24 Still, a smaller fraction of long-termers
clearly could be obtained by requiring longer average spell lengths than 1.5 years,
but at the cost of including as short-termers those with such long average spell
lengths; and a 1.5-year spell does not seem to fit the notion of a short-termer.
These issues illustrate the problems with constraining the classification to only
three categories, and there is clearly some arbitrariness involved in where to draw
the various lines.

Figure 14-5 shows the distribution of T for each of the three groups, using
Definition 2.25 Short-termers are concentrated among the lowest values of total-
time-on, as expected. However, the distributions for long-termers and cyclers are
more mixed. Although long-termers are more commonly observed to have very

23This implies that an even larger percentage of the point-in-time caseload would be long-termers.
24See Stevens (2000) and Ver Ploeg (this volume: Chapter 3) for exceptions. Using Maryland

administrative data, Stevens estimated a smaller fraction of cyclers (about 20 percent) and a larger
fraction of short-termers (50 percent), but about the same fraction of long-termers (30 percent).
Using Wisconsin data, Ver Ploeg finds that cyclers constitute 14 percent of the caseload, while long-
termers constitute 55 percent and short-termers constitute 31 percent.

25Exact figures are given in Table 14-A4 as are the figures for Definitions 1 and 3.
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long total-time-on (e.g., 21 percent have more than 6 years of receipt in the 10-
year period), cyclers are more likely to have total-time-on in the 3-to-5 year
range. The differences are greater for Definition 3, that which defines long-
termers as having longer average spells, where 37 percent have T greater than 6
years and 40 percent have T in the 3-to-5 year range (see Table 14-A4). However,
despite these differences in the tails of the distribution, the median T is 56 months
for cyclers and only 52 months for long-termers using Definition 2. The lower
median T for long-termers reflects the fact that many long-termers by this type of
definition have only a single spell that is below average in length and hence are
on welfare for a shorter period in total than many cyclers, who, with three spells
at minimum, commonly build up more total-time-on. However, for Definition 3,
the median T for long-termers is 60 months, longer than that of cyclers. Still, the
most appropriate conclusion from these calculations is that the typical experience
of long-termers and cyclers in terms of total-time-on is not greatly different.
Long-termers include more women with long total-time-on and more women
with shorter total-time-on than cyclers, but on average they are not far different.26

Table 14-4 shows the characteristics of the three groups using Definition 2.
As expected, short-termers are better off than long-termers and all cyclers in
virtually every dimension. However, the table reveals that cyclers are also worse
off than long-termers in nearly every labor market potential as well. Although the
educational and racial distributions are approximately the same, and while em-
ployment rates off AFDC for long-termers are indeed somewhat lower than those
for cyclers, cyclers have lower annual earnings, weekly earnings, and hourly
wages than long-termers. This result is quite surprising in light of the conven-
tional wisdom in the literature based on the model discussed earlier in the paper,
which assumes that cyclers are somewhat better off than long-termers by virtue
of having sufficiently greater earning power to leave the welfare rolls periodi-
cally to enter the labor market. A major conclusion of this chapter is the rejection
of that model.

Because the cycler definition used here does not require T to be large (al-
though, as noted, median T is about the same for cyclers and long-termers), the
last two columns of Table 14-4 show the characteristics of cyclers with low T and
high T.27 Even the “better off” women among the cyclers—those with lower
values of T—are substantially worse off than long-termers in earnings and wages.
Hourly wages of these cyclers are $4.81 compared to $5.66 for long-termers, with
similarly sized differences for unconditional earnings, conditional earnings, and

26See Table 14-A4. Cyclers have much shorter mean and median spell lengths than long-termers,
as expected.

27The T cutoff was chosen to divide the cycler sample in half, that is, the approximate median T
was used.
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weekly wages. In addition, the “worse off” cyclers are even worse off compared
to long-termers than was true on average, necessarily. These results do not pro-
vide any evidence that there is a significantly better off subgroup of cyclers that
is distorting their average representation. Instead, it appears that cyclers, like
long-termers or perhaps even more than long-termers, are generally a very disad-
vantaged group as a whole.

Using Definition 3 instead of Definition 2, which applies a more stringent
definition of long-termer, results in worsened characteristics of long-termers and
hence a smaller gap between that group and cyclers. For example, mean wages of
long-termers under Definition 3 are $5.31 and weekly earnings are $182. An even
more stringent definition that included only long-termers with extremely long
spells would no doubt result in worsened outcomes. Nevertheless, the same is
true of cyclers, as already illustrated in the last column of Table 14-4. Moreover,
even though the minimum spell length for long-termers used in Definitions 1, 2,
and 3 is not large, the median and mean spell lengths are still in the range of 2- to-
4 years (see Table 14-A4); so long-termers by these definitions typically indeed
have very long spells. For all these reasons, it does not appear that any reasonable

TABLE 14-4 Characteristics of Long-termers, Short-termers, and Cyclers

Cyclersa

Long- Short-
termers termers All Low T High T

Education
1979 9.6 9.9 9.8 10.1 9.5
1996 11.6 12.1 11.8 11.9 11.7

Race
Non-Hispanic white 0.51 0.70 0.54 0.65 0.44
Non-Hispanic black 0.36 0.22 0.34 0.23 0.44

Hispanic 0.12 0.08 0.12 0.13 0.12
Employment rate off AFDC 0.59 0.75 0.65 0.70 0.60
Average annual earnings off

AFDC (including zeroes) $4,976 $6,715 $3,649 $4,393 $2,539
Average annual earnings off

AFDC (excluding zeroes) $5,574 $7,055 $4,427 $4,802 $3,522
Average weekly earnings

(excluding zeroes) $192 $20 $157 $174 $125
Average hourly wage (workers

only) $5.66 $5,80 $4.34 $4.81 $3.45

NOTES: Monetary figures are in real 1992 dollars. Definition 2 used.
aLow T = 55 months total-time-on or less; High T = 56 months total-time-on or more.
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definition is likely to change the direction of differences in characteristics be-
tween long-termers and cyclers that has been found here.28

REGRESSION RESULTS

The final question of the chapter is whether characteristics of AFDC recipi-
ents vary significantly by N or L, holding T fixed—that is, those with high or low
turnover differ in their characteristics if they have the same total-time-on—and
whether the differences we have noted between short-termers, long-termers, and
cyclers are statistically significant.

Table 14-5 shows the results. Each of the four key labor market characteris-
tics—the employment rate, annual earnings, weekly wages, and the hourly wage,
all measured only over periods off AFDC—is regressed, in the first case, on T
and N, or on T and L (all three are not included in the same equation because they
are definitionally related to each other) and, in the second case, on dummies for
long-term and short-term status, with the cycler group omitted. The regressions
involving T, N, and L show that T is a strong and statistically significant determi-
nant of labor market characteristics, in the expected direction (higher T is associ-
ated with lower employment rates, earnings, and wages). However, the coeffi-
cients on N and L are mixed in their significance and their sign.  Greater N and
lower L are significantly correlated with higher employment rates off AFDC but
lower wage rates.  They are insignificantly related to earnings, which is the
product of employment and wage rates, no doubt because the two operate in
opposite directions and cancel out.  The more appropriate indicators of earnings
potential are the wage rate effects, and here the results change the impression
taken from Table 14-2 that those with longer spells have lower wage rates;
controlling for total-time-on, they have higher wage rates, an unexpected finding.

The regressions containing long-termer and short-termer dummies show that
short-termers are always significantly better off than either long-termers or cy-
clers, as expected, but that long-termers and cyclers are not always statistically
different and not always in the same direction.  Again, long-termers appear to
have slightly lower employment rates than cyclers (about 6 percentage points),
insignificantly different earnings, but higher weekly and hourly wage rates.  In
fact, these results directly reflect the means shown in Table 14-4, but the regres-
sions indicate statistical significance levels.

These findings show that the value of an individual’s total-time-on, and
whether she is or not a short-termer, are the most consistent predictors of labor
market potential.  The degree of turnover and whether a woman is a cycler or a
long-termer are less consistently correlated with labor market performance.

28It is possible that selection bias is at work and that those long-termers who are observed to have
worked have above-average wages. However, the employment rates of the two groups are not far
different, suggesting that this justification is unlikely to be a major source of the explanation.
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Moreover, when they are, they indicate that cyclers are worse off than long-
termers in terms of earnings potential, and no better off than long-termers in
terms of overall earnings.

SUMMARY AND CONCLUSIONS

This chapter has explored measures of heterogeneity of the AFDC caseload
in the 1980s and early 1990s based on patterns of AFDC participation and has
investigated which of those measures are predictive of labor market potential and
a few other sociodemographic characteristics. The analysis shows that the single
most consistent predictor of those characteristics is the total amount of time a
woman has been on welfare. However, whether that time arises from a larger
number of shorter spells, or a smaller number of longer spells, is less consistently
important; that is, neither turnover per se nor the length of individual spells of
welfare receipt is always related to labor market characteristics holding constant
the total time the individual has been on welfare. Relatedly, the analysis shows
that classifying recipients into two groups is a useful predictor of labor market
potential: short-termers who participate in welfare only occasionally and for
short periods, and all others. However, among the latter group, whether an indi-
vidual is a cycler who moves on and off the rolls frequently or a long-termer who
has long, uninterrupted periods of welfare receipt, is not a consistent predictor of
labor market potential. Further, when it is, it appears that cyclers have lower
potential than long-termers.

The finding that mobility per se matters less than expected, and that recipi-
ents with high turnover and those with low turnover (but with the same total-
time-on) either look the same or differ in unexpected ways, runs contrary to the
conventional model in which mobility is taken as a sign of higher-than-average
labor market skill and hence earnings potential. It suggests that there must be
some other reason for high rates of mobility, perhaps related to more intrinsic,
possibly noneconomic, sources of instability in individuals’ lives, or in adminis-
trative practices that cause churning, or related to some other factor. More inves-
tigation into this question would be a fruitful area of future research.

For welfare reform studies, the implication of the analysis is that heterogene-
ity is important but that its most important measure is the total time a recipient
has been on welfare. This suggests that studies which estimate the impact of
welfare reform should do so separately for groups with different amounts of total-
time-on, and should break out short-term recipients from others. Leaver studies
are one type of welfare reform research that could benefit from a separation of
leaver outcomes by such characteristics.
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TABLE 14-A2 Distribution of Number of Spells (N) (percent distribution)

All Ever On

0 81.4 –
1 9.0 48.4
2 6.0 32.0
3 1.8 9.5
4 1.2 6.4
5 0.4 2.1
6 0.1 0.1
7 0.1 0.0
8+ 0.3 0.0
Mean 0.4 1.9
Median 0 2.0

APPENDIX 14-A

AUXILIARY TABLES

TABLE 14-A1 Distribution of Total-Time-On in Months (T) (percent
distribution)

Ever On

No. Spells (N)

All All 1 2 3

0 80.8 – – – –
1-6 4.0 18.6 32.1 9.1 2.0
7-12 2.7 14.0 20.1 12.1 4.1
13-18 1.4 7.2 7.2 8.5 2.0
19-24 1.5 8.0 9.2 5.5 10.2
25-36 2.1 10.7 8.8 11.5 22.4
37-48 1.3 6.6 5.6 5.5 12.2
49-60 1.6 8.2 4.0 11.5 12.2
61-72 1.6 8.4 2.4 10.9 12.2
73-84 0.8 4.1 1.2 4.9 10.2
85-96 1.0 5.1 2.0 8.5 6.1
97+ 2.0 9.0 7.6 12.0 6.1
Mean 7.6 39.2 27.2 48.3 50.7
Median 0 28.0 12.0 47.0 47.0

NOTES: Number of observations = 2,763 (all), 514 (ever on).
Maximum number of months = 120.
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TABLE 14-A3 Distribution of Average Spell Lengths, in Months (L) (percent
distribution)

No. of Spells

All Ever On 1 2 3

1-6 25.5 32.1 21.2 12.2
7-12 19.7 19.7 13.9 28.6
13-18 11.9 7.2 11.5 16.3
19-24 9.5 9.2 5.5 20.4
25-30 6.8 2.4 11.5 14.3
31-36 7.0 2.4 10.9 5.6
37-48 7.4 5.6 13.3 5.3
49-60 5.8 4.0 12.1 0
61-84 1.8 3.6 0 0
85+ 4.7 9.6 0 0
Mean 23.8 27.2 24.1 16.8
Median 14.9 12.0 23.5 15.7

TABLE 14-A4 Distribution of Total-Time-On and Spell Lengths Among
Long-termers, Short-termers, and Cyclers

Definition 1 Definition 2 Definition 3

Long- Short- Long- Short- Long- Short-
termer termer termer termer termer termer Cycler

Total-Time-On:
1-6 – 80.5 – 50.3 – 42.2 1.0
7-12 16.6 17.0 – 36.5 – 36.7 3.0
13-18 9.8 2.5 8.0 7.4 – 14.2 5.0
19-24 10.8 – 10.2 4.8 12.1 4.0 9.0
25-36 13.9 – 17.3 1.1 11.6 8.0 14.0
37-48 7.8 – 10.2 – 11.6 – 11.0
49-60 9.0 – 12.9 – 15.3 – 13.0
61-72 8.1 – 11.7 – 12.7 – 19.0
73-84 3.7 – 4.9 – 5.8 – 10.7
85-96 6.4 – 8.4 – 10.1 – 7.0
97+ 13.1 – 17.3 – 20.6 – 8.0
Mean 47.9 4.8 58.8 8.0 65.5 10.5 54.5
Median 34.2 4.0 52.0 6.0 60.0 8.0 56.5
Spell Length:
Mean 34.9 3.5 42.7 6.1 47.9 7.6 14.9
Median 26.5 3.5 35.0 5.5 38.0 6.0 13.5




